
IB
M

S
C

R
 |

 V
o

lu
m

e
 2

, I
ss

u
e

 8
, A

u
g

u
st

 

IB
A

S
T

 | 
V

o
lu

m
e

 5
, I

ss
u

e
 0

9
, S

e
p

te
m

b
e

r 

 

81 

INTERNATIONAL BULLETIN OF APPLIED SCIENCE 

AND TECHNOLOGY

ECHNOLOGY 

 

IF = 9.2  ISSN: 2750-3402 

IBAST 

 THE ROLE OF TECHNOLOGY IN THE TRANSLATION 
PROCESS: ADVANTAGES AND LIMITATIONS OF 

AUTOMATIC TRANSLATION TOOLS 
Abduraimov Muhammadali 

Student of Fergana State Univesity 
+998944651144 

abduraimovmuhammadali24@gmail.com 
Mirzayeva Gulbaxor Soxibovna 

Supervisor: 
Teacher of Fergana State University 

+998915852462 
 https://doi.org/10.5281/zenodo.17120483

 

Annotation 

This article explores the role of technology in the contemporary translation process, 

focusing on the advantages and limitations of automatic translation tools such as Google 

Translate, DeepL, and Microsoft Translator. Through a mixed-methods approach combining 

literature review and practical testing, the study evaluates how these tools perform across 

various text types and language pairs. Results show that while automatic translation tools 

offer significant benefits in terms of speed, cost-efficiency, and accessibility—particularly for 

structured and technical texts—they face substantial challenges in handling context, idiomatic 

expressions, and cultural nuances. The findings emphasize that although machine translation 

can support human translators, it cannot replace them in tasks requiring deep linguistic and 

cultural competence. The article concludes by recommending a collaborative model where 

technology enhances, rather than replaces, human translation expertise. 

Keywords: Automatic translation, machine translation, neural machine translation, 

DeepL, Google Translate, translation technology, post-editing, linguistic accuracy, cultural 

nuance, human translator, AI in translation. 

Annotatsiya 

Ushbu maqolada zamonaviy tarjima jarayonida texnologiyaning, xususan avtomatik 

tarjima vositalarining roli ko‘rib chiqiladi. Google Translate, DeepL va Microsoft Translator 

kabi vositalarning afzalliklari va cheklovlari tahlil qilinadi. Tadqiqot adabiyotlarni tahlil qilish 

va amaliy sinovlarga asoslangan bo‘lib, avtomatik tarjima tizimlari turli matn turlari va til 

juftliklarida qanday ishlashini o‘rganadi. Natijalar shuni ko‘rsatadiki, ushbu vositalar aniq va 

rasmiy matnlarni tez va arzon tarjima qilishda samarali bo‘lsa-da, kontekst, idiomatik ifodalar 

va madaniy nozikliklarni to‘g‘ri tushunishda muammolarga duch keladi. Maqolada avtomatik 

tarjima inson tarjimonlari ishini yengillashtirishi mumkinligi ta’kidlanadi, ammo murakkab va 

madaniy jihatdan sezgir matnlarni tarjima qilishda inson omili muhimligicha qolmoqda. 

Xulosa sifatida, inson va texnologiya o‘zaro hamkorlikda ishlashi kerakligi tavsiya etiladi. 

Kalit so‘zlar: Avtomatik tarjima, mashinali tarjima, neyron tarjima tizimlari, Google 

Translate, DeepL, tarjima texnologiyalari, post-tahrir, til aniqligi, madaniy moslik, inson 

tarjimoni, sun’iy intellekt tarjimada. 

Аннотация 

В статье рассматривается роль технологий в современном процессе перевода, с 

акцентом на автоматические переводческие инструменты, такие как Google Translate, 

DeepL и Microsoft Translator. Используя комбинированный метод исследования, 

mailto:abduraimovmuhammadali24@gmail.com
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включающий анализ научной литературы и практическое тестирование, автор 

оценивает эффективность этих инструментов при переводе различных типов текстов 

и языковых пар. Результаты показывают, что автоматические переводчики 

эффективно справляются со структурированными и техническими текстами, 

обеспечивая скорость и доступность, однако сталкиваются с трудностями при 

передаче контекста, идиом, метафор и культурных особенностей. Отмечается, что 

автоматический перевод может быть полезным вспомогательным инструментом, но не 

может заменить профессионального переводчика в задачах, требующих тонкого 

лингвистического и культурного понимания. В заключение подчеркивается 

необходимость сотрудничества между технологиями и человеком для обеспечения 

качества перевода. 

Ключевые слова: Автоматический перевод, машинный перевод, нейронный 

машинный перевод, DeepL, Google Translate, переводческие технологии, 

постредактирование, языковая точность, культурные особенности, профессиональный 

переводчик, ИИ в переводе. 

Introduction 

Translation plays a critical role in global communication, diplomacy, business, and 

cultural exchange. The rise of automatic translation tools such as Google Translate, DeepL, 

and Microsoft Translator has revolutionized the translation process, promising quick and 

cost-effective solutions for multilingual communication. However, the increasing reliance on 

technology raises important questions about the quality, reliability, and contextual 

appropriateness of machine-generated translations. This study investigates the role of these 

tools, assessing their advantages and limitations in the modern translation process. 

Literature Review 

Recent decades have seen a surge in the development of machine translation (MT), 

driven by advances in artificial intelligence, especially neural machine translation (NMT). 

According to Koehn (2020)1, NMT systems outperform traditional statistical models in fluency 

and grammaticality. Researchers such as Castilho et al. (2017)2 highlight the usefulness of MT 

in post-editing workflows, suggesting it increases productivity. 

However, criticisms persist. Pym (2011)3 emphasizes the tools’ inability to fully grasp 

cultural references, humor, and idiomatic language. House (2015)4 also points to the potential 

loss of pragmatic meaning when context is not considered. Furthermore, translators have 

expressed concerns about over-reliance on technology and the deskilling of human 

translation professionals (O’Hagan, 2016)5. 

This review suggests a need for more empirical evaluation of these tools’ real-world 

performance, especially in comparison with human translation in different contexts. 

Methodology 

The methodology for this study employed a mixed-methods approach to gain both 

qualitative and quantitative insights into the advantages and limitations of automatic 

translation tools. The research was conducted in two main stages: a comprehensive literature 
                                                             
1 Koehn, P. (2020). Neural Machine Translation. Cambridge University Press. 
2 Castilho, S., Gaspari, F., Moorkens, J., & Way, A. (2017). Is Neural Machine Translation the New State of the Art? 

The Prague Bulletin of Mathematical Linguistics, 108(1), 109–120. 
3 Pym, A. (2011). What Technology Does to Translating. Translation & Interpreting, 3(1), 1–9. 
4 House, J. (2015). Translation Quality Assessment: Past and Present. Routledge. 
5 O’Hagan, M. (2016). The Routledge Handbook of Translation and Technology. Routledge. 
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review and a practical evaluation of selected translation tools. The literature review 

involved the analysis of twenty peer-reviewed journal articles and conference papers 

published between 2010 and 2024. These sources were selected based on their focus on 

machine translation technologies, their application in professional contexts, and discussions 

of their linguistic and cultural limitations. The goal of the review was to identify prevailing 

scholarly perspectives on the performance and reliability of automatic translation tools, as 

well as gaps in existing research that could be addressed through empirical testing. 

The second stage of the methodology involved a practical assessment of three widely 

used machine translation platforms: Google Translate, DeepL, and Microsoft Translator. Five 

text samples were prepared in English, each representing a different genre and level of 

complexity: a business email, a news article, a literary excerpt, a legal contract paragraph, and 

a casual social media message. Each text was translated into Spanish, Russian, and Chinese 

using all three tools. These languages were chosen to represent a variety of linguistic families 

and syntactic structures. The resulting translations were then evaluated by professional 

human translators who were native speakers of the target languages. They assessed each 

translation according to three primary criteria: accuracy, fluency, and cultural 

appropriateness. A standardized rubric using a ten-point scale was used for evaluation, and 

qualitative feedback was collected to identify specific patterns of error, such as mistranslation 

of idioms, grammatical inconsistencies, and cultural misinterpretations. This dual approach 

allowed for both a theoretical grounding and an empirical understanding of the real-world 

capabilities and limitations of current translation technologies. 

Results 

The evaluation of the three automatic translation tools—Google Translate, DeepL, and 

Microsoft Translator—revealed varying levels of effectiveness depending on the type of text 

and language pair involved. Overall, DeepL consistently produced the most fluent and 

grammatically coherent translations, particularly in language pairs involving European 

languages such as English-Spanish. Google Translate and Microsoft Translator performed 

comparably on general texts but struggled more with complex or idiomatic content. 

In the case of the business email and legal contract paragraph, all three tools 

performed relatively well, with DeepL achieving the highest average scores in both categories. 

Translations in these domains were largely accurate and followed appropriate formal 

structures, although minor errors in terminology and verb tense were noted across all tools. 

These types of texts, being more formulaic and structured, posed fewer challenges for 

machine translation systems. 

For the news article, Google Translate produced the most coherent output in terms of 

sentence structure and vocabulary usage, though issues were still present with subject-verb 

agreement and noun phrase consistency in some target languages. The social media text 

exposed significant limitations across all tools. The informal tone, use of slang, and cultural 

references were frequently misinterpreted or rendered too literally, which affected the 

overall readability and intent of the message. 

The most notable challenges were observed in the literary excerpt, where all tools 

consistently underperformed. Human reviewers pointed out significant loss of metaphorical 

meaning, emotional nuance, and stylistic elements. Translations often appeared flat, overly 

literal, or syntactically awkward. This supports the idea that literary texts remain among the 

most difficult for automatic translation due to their creative and context-rich nature. 
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Quantitative analysis showed that DeepL had the highest overall average 

rating, particularly for translations into Spanish, followed by Google Translate and then 

Microsoft Translator. However, none of the tools produced outputs deemed fully publication-

ready without human revision. Qualitative feedback from reviewers emphasized the need for 

human oversight, especially in translations where meaning, tone, or cultural implications are 

critical. These findings highlight the strengths of automatic translation in structured, 

information-focused contexts, and their ongoing limitations in handling complex, culturally 

nuanced language. 

Discussion 

The findings of this study underscore the growing importance of automatic translation 

tools in facilitating multilingual communication, while also highlighting their inherent 

limitations. The results suggest that these tools are highly effective when applied to 

structured and domain-specific texts, such as business correspondence and legal documents, 

where terminology is often standardized and the syntactic structure is predictable. In these 

cases, automatic translation can significantly enhance productivity and reduce costs, 

particularly in professional settings that rely on rapid multilingual output. 

However, the limitations become apparent in contexts requiring a deeper 

understanding of language, culture, and emotion. Literary texts and informal communication, 

such as social media posts, pose considerable challenges to current machine translation 

systems. These forms of communication often rely on metaphor, idiomatic expressions, 

humor, and cultural references—elements that automatic tools consistently struggle to handle 

accurately. This is largely due to the inability of machines to fully interpret context or apply 

cultural and pragmatic knowledge, which are essential for preserving the intended meaning 

and emotional tone of the source text. 

The mixed performance of the tools across different language pairs also points to the 

uneven development of machine translation systems. European languages tend to receive 

better support, likely due to the availability of more extensive training data and resources. In 

contrast, translations into less-resourced or linguistically distant languages, such as Chinese 

or Russian, were found to be less consistent in terms of fluency and semantic accuracy. This 

discrepancy raises concerns about linguistic equity in the development of AI-driven language 

technologies. 

Furthermore, the study reaffirms the role of human translators as essential 

participants in the translation process, especially in tasks that require interpretation beyond 

the literal level. The use of automatic translation tools should be framed not as a replacement 

for human expertise, but rather as an aid that can streamline workflows and handle 

preliminary translation tasks. Post-editing by professional translators remains necessary to 

ensure the quality, accuracy, and cultural appropriateness of the final product. 

These findings support the view that while automatic translation tools offer practical 

solutions for many real-world applications, they should be used with clear awareness of their 

capabilities and limitations. Future research should continue to explore ways to improve 

machine learning models for language translation, particularly in enhancing contextual 

understanding and expanding support for underrepresented languages. Additionally, 

interdisciplinary collaboration between linguists, AI developers, and translation professionals 

will be crucial in developing tools that are both technically advanced and linguistically 

sensitive. 
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Conclusion 

Technology plays an indispensable role in the translation industry, offering practical 

tools that aid in speed and efficiency. However, automatic translation tools are best seen as 

assistive technologies, not replacements for professional human translators. Their limitations-

particularly in interpreting cultural nuance and complex language-necessitate continued 

human oversight, especially for high-stakes or creative texts. 

Future developments in AI may address some limitations, but ethical, cultural, and linguistic 

complexities will likely continue to require the human touch. 
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